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Abstract— The goal of this study article is to assist a content creator or anyone who wants to know about the audience's 

thoughts, emotions, on a particular video. We have studied the literature papers first and then identified the basic 

functionality of it and then we get to know about its dimensions from the paper. 
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I. INTRODUCTION  

 

Here, we get to know about the two terms i.e., Sentiment 

Analysis and TensorFlow JS.  Sentiment Analysis is the 

process of getting the sentiments, thoughts, emotion of a 

particular text or video that user post on social media 

platforms and TensorFlow JS is a library by Google Brain 

Team in 2015 which helps in developing ML models and 

it is used by JavaScript developers which indeed help the 

to deploy ml model in web development. 

 

Social media is drastically increasing day by day and 

according to a survey done by confirming.co there has 

been Ninety-Eight percentage of the people use at least 

four social media platforms daily. YouTube (92.77%) is 

the top-ranking social media that is used once a day. 

 

YouTube is most popular with millions of videos 

uploading and billion mobile views and comments for all 

of its videos. Due to several limitations in current 

sentiment dictionaries, detecting sentiment polarity in 

social media, particularly on YOUTUBE, is a difficult 

process. 

 

It is clear from the studies that the web traffic is 20% and 

Internet traffic is 10% of the total YOUTUBE traffic. 

There are many techniques of YOUTUBE for the 

judgment of opinions and views of users on a video.   

Voting, rating, favorites, and sharing are some of the 

techniques available. Sentiment Analysis of user 

comments is a source of user data that may be used for a 

variety of applications. Comment filtering, personal 

suggestion, and user profiling are examples of future 

applications. content became very difficult sometimes and 

to solve this problem we are trying to help them give 

comment statistics about a particular video. 

  

 

II. RELATED WORK 

 

Research has been done on a range of aspects of YouTube 

video features. Comments also reflect the user's behavior 

and will be accustomed locate potential trolls. Moreover, 

by analyzing the sentiment of comments, it's possible to 

seek out the user's positivity or negativity about the video. 

Altingovde et al. developed some way to boost video 

retrieval supported basic features and social features. 

Lehner et al. used YouTube comments to point out how a 

viewer's perception of a video (like/dislike) changes with 

comments. These methods allow us to seek out the 

foremost popular videos by employing a number of 

features in order that they'll be used for the best and 

handiest searches. Even though the 2 proposed methods 

demonstrated impressive results for video retrieval, they 

utilized the like/dislike and views feature to urge an 

inaccurate result. On the contrary, we only analyze the 

quantity of comments (rather than the kind/view) feature, 

to seek out videos which may be of interest to YouTube 

users. 

 

III. METHODOLOGY 

 

There are four phases to the suggested procedure as shown 

within the following section, supported NLP-based 

evaluation of user sentiment comments. The text first goes 

through some language pre-processing before it goes 

through NLP-based methods to get data sets. the info sets 

are then analyzed with a sentiment classifier to calculate 

the scores per comment. Finally, apply the quality 

Deviation to get the rating result. [A] Comment Collection 

and Pre-processing The goal of this section is to gather 

comments on a selected YouTube video. A focused 

crawler is implemented to fulfil this objective. It displays 

comments (up to 100 comments of that video) supported 

the video id. However, the comments are diverse in terms 

of the languages and ideas utilized by the users As a result, 
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we performed some pre-processing on these unstructured 

remarks so as to make the info sets. Following the 

extraction of the comments, the subsequent adjustments 

are made: Remove all expressions that are not associated 

with the suggested technique, like date ("Dec 2- 2010" or 

"2-12-2010"), link (www.imdb.com, www.tmdb.com), 

numerals (12, 20, etc.) and special characters, and different 

language such as Chinese, Arabic, Bangla, Hindi etc.). The 

comment collecting and pre-processing module first pulls 

data (comments) from a specific YouTube video so 

processes it. 
 

 
Fig. 1 Working process 

 

Overall work process of evaluation of user comment. IEEE 

International Conference on Signal and Image Processing 

Applications (IEEE ICSIPA 2017), Malaysia, September 

12-14, 2017475 • Remove any punctuation marks, like the 

amount ("."), space ("-"), commas (","), semicolon (";"), 

and hash ("-“) among others. 

 

[B] Generating Data Sets 

For each assessing video, there are two       datasets created 

by the proposed technique. Both are produced using the 

handled comments text. to create datasets first, within the 

handled content MySQL stop word is applied to eliminate 

all the stop words and afterward con-vert each one of the 

words into their particular structure and hence make 

dataset 1. Then, for Dataset 2 each one of the descriptors 

(significant expressions of the remark text) of the remarks 

are gathered. Observationally and from the self-

examination on YouTube video remarks it appears to be 

that descriptors are the most pointers for a client's 

inclination and selection about the video's quality and 

pertinence. Subsequently, to create the rundown of 

descriptors of the remarks Stanford POS Tagger is applied 

and distinguish each one of the modifier words and along 

these lines make dataset. 

 

In this segment, we will in general utilize the SentiS-

trength3 equivalent locater in each dataset to work out the 

overall notion of client remarks. SentiStrength could be a 

sentiment dictionary investigation classifier that estimates 

the strength of positive and negative assumption of the 

remark words.  

 

It reports 2 conclusion qualities: - one (not negative) to - 5 

(very negative) and one (not positive) to five (incredibly 

sure). In the unlikely event that a word inside a sentence 

got a <1 rating, the classifier picks it's anything but a 

negative word, and whenever got a >=1 rating, then, at that 

point the classifier chooses it's anything but a positive 

word.  

For the partner degree model, Table I shows the 

assessment live for a chose remark ("He altered the planet 

as we as a whole know it and stays very modest. plentiful 

regard.") per the arranged procedure. From Table I, it 

looks that, what that remark is which means concerning 

the video, is it certain or negative. By and large, when hard 

the slant worth of all remarks the quality deviation worth 

is determined (by applying change procedure, depicted in 

next part) of those qualities for the subsequent stage of the 

strategy. 

 
 

IV. RESULTS  

 

In this segment, we will in general square measure 

expecting to specify the test we tend to did with the ways. 

to pass judgment on the arranged methodology the trial is 

led on 1,000 recordings of YouTube that were first class 

aimlessly.  

 

Notwithstanding, precisely ten classes (schooling, science, 

and innovation, redirection, animation, and so forth) were 

tip top for those recordings. for each class 100 recordings 

were contemplated and for each video, 1,000 remarks were 

pondered. Prior to the analysis, a manual survey was 

performed on at irregular tip top 100 recordings of 

YouTube.  

 

Ten volunteers were enlisted to legitimize the aftereffects 

of the video through the arranged strategy. Volunteers 

checked the association and nature of the video. Result 

educated that singular video dataset having > zero.5 

normal American state is ideal and significant per the 

inquiry. it had been moreover tracked down that the 

recordings square proportion of top quality, awesome, 

important, and standard once the normal American state 

becomes > zero.5 considering each dataset along. 

consequently, for the investigation of the arranged 

technique ology, the verge cost was set to zero.5.  

 

Test result's displayed in Table II. The outcome shows that 

to search out the significant and standard video in 

YouTube exploitation remarks square measure viable. 

From Table II, it appears, for dataset one, the outcome's 

much better than for dataset a couple of. the best precision 

75. 435% of the arranged methodology happened for 

science and innovation associated recordings any place the 

most reduced exactness fifty one.21% has been determined 
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for animation classes of video. furthermore, for dataset 

one, the run of the mill exactness of the arranged 

methodology was 77. 462% once entire remarks were 

considered.      Regardless of the fact that precision was 

low for the dataset a couple of anyway exploitation 

descriptors gives rather righter outcome regularly.  

 

Subsequently, considering each dataset may give the 

$64000 picture of a chose video than exploitation explicit 

one dataset. For the Associate in Nursing model in Table 

III, when a video was looked through like "Huawei 

Ascend p7 Review ", inside the hunt board it had been 

shown that the underlying few recordings were pertinent 

and great. anyway, to work out which one was the 

awesome more famous and which one ought to show up 

first? For this, dissecting each dataset was fundamental. 

From the outcome in Table III, it appears to be that the 

principal video of dataset 1 gives preferred precision over 

the second video of dataset 1. Notwithstanding, the 

exactness of dataset 2 of the subsequent video is obviously 

superior to dataset 2 of the principal video.  
 

 
 

Accordingly, in such a case considering each dataset gives 

us the genuine image of those recordings' quality and 

flawlessness. Like, for this situation, the subsequent video 

is awesome and much pertinent than the first. Along these 

lines, in the unlikely event that both datasets are 

considered to discover the video on YouTube, the outcome 

may be greatly improved. From the outcome, it very well 

may be presumed that, if the investigation of YouTube 

video per-shaped dependent on the remarks text, then, at 

that point our proposed approach may submit the great 

outcome.  
 

In any case, it depends however much semantically the 

content is dissected, the more we break down the content 

the more opportunity to improve exactness. 

 

V. CONCLUSION  
 

This paper delineates A programmed technique for finding 

supportive recordings by estimation examination of client's 

remarks Natural Language measure (NLP).  
 

Our methodology assessed the norm, relevance, and 

acknowledgment of YouTube recordings considering the 

connection of client's feelings communicated in remarks. 

we will in general examine an example of pretty much 

1,000,000 YouTube remarks.  
 

Huge scope investigations of YouTube video Meta data 

(remark) abuse the data science and SentiStrength un-

covered the significance of client sentiments. The 

exploratory outcome shows the strength of the extended 

methodology by revealing most 75.435% exactness to 

recovering powerful video and conjointly gives the bearing 

to seek after the work to attempt to additional examination 

on the remark. 
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